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steadily increasing. Some of these women will, at some point, choose to
have a baby, but the question always asked is how to fit it in with a
medical career? Along with the problem of finding time to actually have
a baby, and coping as a pregnant doctor, there is the problem of

finding information when it is most needed. This book addresses
thisproblem, bringing a wealth of information together in one easy-to-
use resource. Written by a mother, who has faced the |
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