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Complex mathematical and computational models are used in all areas
of society and technology and yet model based science is increasingly
contested or refuted, especially when models are applied to
controversial themes in domains such as health, the environment or the
economy. More stringent standards of proofs are demanded from
model-based numbers, especially when these numbers represent
potential financial losses, threats to human health or the state of the
environment. Quantitative sensitivity analysis is generally agreed to be
one such standard. Mathematical models are good at mapping as


